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Abstract

We gain exposure to news across a range of platforms and, within each platform,
across a range of sources. How does a multi-platform media environment shape the
news choices we make and the gaps that result from those choices? We address this
question tracking news exposure across TV, the web, and YouTube for approximately
55,000 unique US panelists over a period of 39 months. We find important variations in
the demographic profiles of those who choose to consume news within platforms and
those who consume news across, casting light on the contingencies of news divides. We
also show evidence of a systematic amplification effect: the slice of the population that
chooses to consume news across platforms increases their overall levels of exposure,
suggesting that a multi-platform media environment widens the gap between news
consumers and those who decide to opt out.
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The current information environment is characterized by the spread of audiences across
media platforms and, within platforms, across sources. The recent multiplication of con-
tent providers, however, does not necessarily translate into the demise of legacy sources.
Instead, these sources co-exist and often create synergies in the distribution of attention.
The media landscape today encompasses a wide range of content producers and distribu-
tion channels, including television, newspapers, radio, and digital platforms like social
media sites. Collectively, these platforms constitute an information environment where
mainstream sources and news niches co-exist and compete (Allen et al., 2020; Stroud,
2011). Understanding how audiences choose to navigate these interconnected environ-
ments helps us understand how people gather the information that feeds into their politi-
cal knowledge.

Media platforms create many access points for users to consume news. However,
whether this increased availability actually expands the base for an informed public is
still contested. Survey data suggest that the number of people avoiding the news is on the
rise, not just in the United States, but in several other countries around the world
(Newman et al., 2017). News avoiders intentionally opt out and, when asked why, they
offer both political and psychological reasons, including lack of trust in the media and
changes in mood (Toff and Nielsen, 2022). Observational studies, on the other hand, sug-
gest that people’s political knowledge benefits from their use of social media and the
sharing of information these platforms facilitate (Guess et al., 2023b). These empirical
studies seem to be pointing in opposite directions, but they converge on their attempts to
identify the divides that affect the distribution of political knowledge in the population.

Here, we aim to contribute to this line of research by investigating the impact that a
multi-platform media environment has on news consumption. We know that exposure to
news is often unevenly distributed across the population. Our focus is on whether the
assessment of those news gaps changes once we factor in exposure across different plat-
forms. We aim to evaluate whether the multi-platform media environment alleviates or
exacerbates observed inequalities in attention to news. News consumption is one of the
main mechanisms through which the public gathers politically relevant information, an
activity that may lead to various downstream effects, including increased political knowl-
edge and engagement (Delli Carpini and Keeter, 1996). Varying levels of news consump-
tion may, consequently, translate into varying degrees of political inequality, as various
groups provide different levels of input to the political systems that represent them (Prior,
2007). However, the empirical characterization of news divides remains a challenge
given the increasing complexity of the multi-platform environment.

Previous studies on multi-platform news consumption (e.g. Dichl et al., 2019; Shehata
and Strombaéck, 2021; Waeterloos et al., 2024) examine how news exposure through one
or multiple platforms leads to various modes of civic participation and increased political
knowledge. However, these studies do not directly address the question of how a multi-
platform media environment structures the consumption of news. The irruption of digital
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platforms that directly compete with TV (e.g. YouTube) or that operate with decentral-
ized content curation logics (e.g. the web) complicates the media landscape by com-
peting for audiences while simultaneously facilitating cross-platform audience flows.
The prevalence of these cross-platform flows and whether they alleviate or exacerbate
inequalities in news consumption are still open questions. To address these questions,
we follow an analytical approach that considers within-platform and cross-platform
consumption while also considering within-subject and between-subject variation in
exposure.

The relative sparsity of research in this area results from key methodological chal-
lenges, which this study aims to address. Previous studies often employ surveys to ask
about news consumption on various platforms. Aside from the fact that people are not
always reliable in their reporting of news consumption (e.g. Guess et al., 2019; Parry
etal., 2021), these measures force discrete categories on what is essentially a continuous
scale, that is, spending 10 minutes consuming news does not signal the same level of
involvement as spending 120 minutes. Observational data based on tracked behavior
allow more reliable and fine-grained measures that capture the continuous nature of
exposure and engagement (e.g. Cardenal et al., 2022; Gonzalez-Bailéon and Xenos, 2023;
Guess, 2021; Wojcieszak et al., 2022; Yang et al., 2020). However, datasets tracking
behaviors across platforms and in time for the same set of individuals are very scarce.

Here, we analyze an unusually rich dataset tracking exposure to news across TV, the
web, and YouTube for N ~ 55,000 unique panelists over a period of 39 months. It is an
established fact that TV is still, by far, the most prevalent source for news exposure (e.g.
Allen et al., 2020 estimate that the ratio of TV news to online news is more than five to
one). The web, which was launched to the public in the early 1990s, has since grown to
accommodate all sorts of content—some of general appeal and some of very niche inter-
est. YouTube, launched in 2005, has created its own ecosystem within the web. According
to the 2024 Reuters Institute Digital News Report (Newman et al., 2024), about three-
quarters of the US population find their news online (including both the web and
YouTube). Here, we examine how patterns of news exposure within these two online
platforms (the open Web and YouTube) compare to news exposure on TV. Crucially, we
also analyze cross-platform exposure to assess whether, taken together, these platforms
amplify or reduce the gap in news access across different demographic groups.

The significance of news divides in a changing media landscape

Digital technologies have disrupted the production and the consumption of news; they
have also transformed how attention is allocated. In what are now classic theories of
information, online technologies are portrayed as both amplifiers and mitigators of news
gaps. Bimber (2003), for instance, summarized two theoretical perspectives that explain
how information technologies may impact news consumption. The instrumental perspec-
tive considers the costs and benefits of acquiring information. Digital technologies, the
argument goes, have reduced those costs and distributed the benefits more broadly. The
second perspective, rooted in psychological and sociological factors, highlights how
social contexts and individual characteristics influence information behaviors. According
to this perspective, existing patterns of information use will override any technological
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possibilities or rational cost-benefit calculations. These behaviors respond to factors like
constrained access or lack of skills, but also selective use and exposure.

Empirical studies conducted in the last two decades have mostly aligned with the
second theoretical narrative. Most prominently, the evidence suggests that a high-choice
media environment has allowed users with low political interest to avoid news content
altogether (Prior, 2007). This research indicates that the proliferation of sources that
align with users’ preferences (i.e. entertainment over news) and the introduction of
mechanisms that make these sources easy to discover and consume have resulted in a
significant reduction of inadvertent news exposure. Yet, the media landscape has evolved
drastically in the past two decades, introducing elements of doubt about how much con-
trol individuals really have on the information they consume.

These changes have led to the development of a third theoretical argument, focused
on the role of automated curation. According to this argument, algorithms play a cru-
cial role in defining the types of news content users see online (Thorson and Wells,
2016). This curation process may increase the type of incidental exposure once
assumed diminished in high-choice environments. Indeed, scholars have provided evi-
dence of incidental news exposure on social media (e.g. Fletcher and Nielsen, 2018):
curated feeds add news to the content diets of users who are not necessarily seeking
those news but who may consequently start seeking those news more. And yet, whether
this loop of human-algorithmic curation results in a reduction of news gaps or, on the
contrary, exacerbates them is still an open question. Some scholars have suggested that
these information loops, and their consequences, may operate unevenly or differen-
tially across the population (e.g. Kiimpel, 2020; Thorson, 2020). This possibility calls
for additional empirical examination.

Multi-platform access to news

The boundary between news and other content, including entertainment, has become
increasingly blurred in the current media environment. The term “news” arguably spans
a spectrum that includes traditional journalistic content as well as satire talk shows.
Research suggests that hybrid media content that combines news and entertainment
(such as comedy shows) are only loosely associated with political knowledge (e.g. Baek
and Wojcieszak, 2009). Like most past research, here we focus on content that qualifies
as hard news, that is, news about current events including politics, social issues, or inter-
national affairs (as opposed to soft news, or “infotainment”).

Most past research analyzes news exposure on specific platforms, including the web
and YouTube as information ecosystems on their own (Chen et al., 2023; Guess, 2021;
Hosseinmardi et al., 2021; Wojcieszak et al., 2022). The analysis of audience behavior on
individual platforms offers valuable insights, but it has two limitations that prompt us to
emphasize the multi-platform nature of the current media environment. First, the rise and
growth of online media does not necessarily displace the relevance of older channels,
most prominently TV (Allen et al., 2020; Chyi and Chadha, 2012). Even among the
younger population, who are expected to rely more heavily on online news, TV news
consumers still outnumber those consuming news online (Geers, 2020). The enduring
prevalence of TV media underscores the need to consider cross-platform exposure.
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Second, the increasingly central role of digital media (Nielsen and Ganter, 2022)
calls for a multi-platform approach to characterize the different ecosystems that now
exist online. The rise of platforms increased the fragmentation of the media landscape
but it also facilitated cross-cutting exposure and cumulative effects—adding or rein-
forcing opportunities to engage with the news. The question of who benefits from
those opportunities is important but difficult to evaluate when only one platform or
channel is analyzed. Unlike the web, digital platforms like YouTube employ curation
mechanisms that rarely direct users to external sources. How that centrifugal force
impacts overall levels of consumption is another relevant question that requires meas-
uring cross-platform exposure.

For these reasons, the analysis of news consumption in a multi-platform environment
requires measuring exposure within and across individual platforms for the same set of
individuals, so that the demographic correlates of that exposure can be identified (and,
with them, the nature of any existing gaps). Today’s information environment is more
than just a collection of isolated news sources: news-seeking behavior on one platform
may motivate or disincentivize news-seeking on other platforms. These interdependen-
cies, and the demographic groups more likely to engage in cross-platform activity, are
out of range for most previous studies.

News consumption within platforms

Past research analyzing news consumption within individual platforms has focused on
the demographic profile of users—and on who opts out. In general, news consumption is
not distributed evenly within the population. Various demographic factors correlate with
news exposure: (1) gender is consistently a significant covariate, with women appearing
less likely to read news than men (Scharkow et al., 2020; Shehata and Strombéck, 2011;
Verba et al., 1997); (2) age is positively associated (e.g. Allen et al., 2020; Shehata and
Stromback, 2011), in line with the fact that age creates cultural and political fault lines
(Munger, 2022); (3) education is also positively associated, although previous studies
show some mixed results (Beam et al., 2018; Lee and Chyi, 2014; Shehata and Strombéck,
2011); and (4) socio-economic status appears as another important covariate in determin-
ing news exposure (Kalogeropoulos and Nielsen, 2018). These studies, in other words,
highlight that news choices correlate with structural factors of sociological relevance.
News consumption on digital platforms, however, also responds to technological
affordances. Incidental news exposure, for instance, has received special attention in the
analysis of digital platforms because its presence, or absence, is assumed to result from
the design of those platforms (even if incidental exposure can also be encouraged or
curtailed on TV and other sources). Given the way in which curation feeds operate, con-
tent selection may incidentally expose users to news they would not see otherwise, espe-
cially among segments of the population less likely to consume news overall (Fletcher
and Nielsen, 2018). However, it is still an empirical question if these affordances provide
uneven opportunities, depending on users’ characteristics (Kiimpel, 2020; Thorson,
2020). Empirical studies that use data from various political contexts suggest that there
are smaller news gaps for on-platform news exposure than for more traditional modes of
news consumption (Barnidge et al., 2023; Kalogeropoulos and Nielsen, 2018). Platforms
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also allow news media to tailor their content to reach elusive populations, such as
younger users (Vazquez-Herrero et al., 2022). Overall, these studies suggest that
observed differences in news use within platforms result from a combination of structure
and choice specific to each demographic group.

News consumption across platforms

Audiences create connections across news platforms through their co-exposure. To the
extent that online platforms open alternative access points to news, the multi-platform
media environment could be reducing the gaps and inequalities observed by single-plat-
form studies. However, if news in online platforms are predominantly consumed by
those already informed through other means, the multi-platform media environment
could actually be exacerbating existing inequalities.

Past research has yielded mixed results, making it difficult to discriminate between
those two scenarios. First, the theory of displacement suggests that various media plat-
forms cater to different user groups, so news exposure on one platform will replace
exposure on another (Dimmick et al., 2004). This scenario is based on the assumption
that audiences only have limited time and attention, so the audience gains of one plat-
form will be the audience losses of another (Dimmick and Rothenbuhler, 1984). This
theoretical expectation has been tested in various settings, most recently in relation to the
competition between online news and traditional media. For example, many studies have
documented such displacement between newspaper and online news (de Gaskins and
Jerit, 2012; De Waal and Schoenbach, 2010).

Other empirical studies have rejected the premise of limited attention, showing evi-
dence of a complimentary relationship between various media platforms (Chyi and
Chadha, 2012; Kim et al., 2020; Neyazi et al., 2019). Studies have also shown that the
amount of time and attention devoted to news consumption can vary substantially in time
(Lelkes, 2020). The additional provision of media may in fact lead to users spending
more time consuming it (Newell et al., 2008), and this may be especially true for news
content. Although news consumption constitutes a very small fraction of the media con-
tent consumed (Allen et al., 2020; Wojcieszak et al., 2024), it can still lead to reinforced
demand, particularly on digital platforms with algorithmic forms of curation (Gonzalez-
Bailon et al., 2023; Guess et al., 2023a; Huang and Yang, 2024). All of this suggests that
media platforms can lead to an increase in the time spent consuming news, especially for
individuals who actively seek news content.

Research questions

To unpack how news exposure and inequalities in news consumption arise in a multi-
platform media environment, we first examine whether different platforms attract differ-
ent types of users. We pay special attention to overall audience reach and the demographic
profile of that audience for each platform (web and YouTube compared to TV). This
analysis aims to answer two research questions: (RQ1) What fraction of news consumers
are on each media platform? And (RQ2) What is the demographic profile of these news
consumers?
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We then examine cross-platform news exposure, that is, how many individuals engage
with news content across TV, web, and YouTube, and what demographic and behavioral
characteristics they exhibit. We pay attention to who is driving cross-platform consump-
tion, and whether their behavior displays evidence of substitution effects. This analysis
aims to answer two additional questions: (RQ3) Is cross-platform exposure increasing
the overall time people spend on news? And (RQ4) Does the time spent on one platform
increase to the detriment of the time spent on another?

Data and methods

Our data derive from observational panels tracking individual behavior in three prominent
news ecosystems: TV, the web, and YouTube. Platforms like Facebook or Twitter (now X)
are also conducive to incidental news exposure, in large part driven by a very small minor-
ity of users who push news content into other users’ feeds (Gonzalez-Bailon et al., 2023;
Grinberg et al., 2019; Guess et al., 2023b; Nyhan et al., 2023). However, most news posted
on these social media platforms take the form of URLs directing users to web pages or
YouTube videos (Chen et al., 2023; Gonzalez-Bailon et al., 2022), which are the channels
we analyze here. If any of our panelists clicked on those URLS, our data would track that
activity. Print news, radio, and podcasts are also outside of the scope of our data, which is
an obvious (and unavoidable) limitation in our assessment of cross-platform news
consumption.

TV and web panels

The data we analyze were provided by Nielsen, a media measurement company that logs
viewing activity on TV and browsing activity on the web for hundreds of thousands of
consenting panelists. Our data span the period January 2016 to August 2019. According
to the information provided by Nielsen, the TV panel tracks the viewing behavior for
both live and recorded national TV on a minute-by-minute basis for N ~ 305,000 unique
panelists. The data include information about the name of the program and station being
watched. Nielsen selects a random sample of addresses to recruit panelists who are
demographically and geographically representative of the US population, with panelist
turnover happening continuously. At any given time, the TV panel contains approxi-
mately 40,000 households. In each participating household, a “Nielsen Box” is installed
on all televisions. The box tracks the program and station that the television is tuned to
on a minute-by-minute basis, including content consumed live and digitally recorded.
All data are tracked passively, except in multi-person households where panelists manu-
ally record who is present using a button on the box. The resulting data set is a log of
minute-by-minute individual-level exposure of national programming. The data do not
include local programming (including local news) or streamed content.

The web panel, according to Nielsen’s documentation, tracks desktop web browsing
behavior for N ~ 365,000 unique panelists over our observation period. The data contain
information on the URLSs visited by the panelists and the duration of each visit in sec-
onds. The panel is recruited through a mixture of methods, including phone samples
(and, again, continuous panelist turnover). Software is installed on all desktop computers
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in each participating household, tracking the websites visited on a second-by-second
basis. All data are collected passively, except in multi-person households where panelists
manually record which household member is using the computer. The resulting data set
is a time-stamped log of second-by-second browsing history, including the website URL
and the amount of time spent on each website (again, measured in seconds). The data do
not include streaming (which Nielsen tracks separately).

Our analyses rely on the dataset that results from the combination of these two panels
and, in particular, the set of overlapping panelists. There is a subset of N ~ 55,000 unique
panelists recruited by Nielsen that appear simultaneously in the TV and web panels; this
means that for this group of individuals, probabilistically sampled, we can track cross-
platform exposure—that is, we can analyze the behavior of the same set of individuals
across modes of exposure (in the Supplemental Appendix, we report additional results
for the full separate TV and web panels). Nielsen provides a set of weights for each
member of the TV panel and each member of the web panel. Weights were created using
iterative proportional fitting (as explained in Konitzer et al., 2021). Each set of weights
matches the panel members to gender, age, race, and education counts for the US adult
population. Nielsen consistently updates its weighting schema so that national-level pro-
jections remain accurate over time.

YouTube

The web panel data contains the full string of URLs visited by the panelists. Some of
these URLs direct to YouTube videos, so we used YouTube’s API to query those
URLSs and obtain additional information about the content accessed by the panelists.
This additional information includes metadata like the publishing date, channel, cat-
egory, numbers of likes, views, and comments. In total, we extracted information for
N ~ 7.4 million videos (about 79% of all YouTube URLs included in the panel data;
this percentage falls in line with what prior research has reported, see Hosseinmardi
et al., 2021). We treat this dataset as a third source of information on cross-platform
news exposure that complements Nielsen’s TV and web panels. Exposure to news
content within YouTube does not count toward exposure to news on the web; in other
words, we treat YouTube as a separate news ecosystem (i.e. web news exposure is
measured as time spent on news domains whereas YouTube news exposure is meas-
ured as time spent on video pages).

News content

Identifying news content across media channels requires looking for a different set of
news providers (since this set changes across modalities). As we focused on hard news,
we identified TV news sources using Nielsen’s classification of programs, which are
nested within stations (N=138). Programs classified as “news” include “Fox News
Sunday” and “Good Morning America.” Political talk shows and comedy programs (like
“The View” or “The Daily Show”) are not classified as news. As we show in Figure 1(a),
about 25% of programs watched by the panelists fall into the “news” category. We identi-
fied news videos on YouTube using the platform’s metadata and classification tags
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A TV Programs Watched by Category B YouTube Videos Watched by Category
(overlapping panelists) (overlapping panelists)
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Figure |. Relative prevalence of news content in viewing patterns for TV and YouTube.
News content is more common in TV media diets (panel A) than on YouTube (panel B).

(“News & Politics™), which — when applied to content produced by TV channels — coin-
cide with the tags provided by Nielsen. For the YouTube data, only 5% of all the videos
watched by panelists are in the “news” category (Figure 1(b)).

These descriptive statistics already offer a glimpse of the differences in the informa-
tion environment that TV and YouTube create: the salience of entertainment vis-a-vis
news content is substantially higher on the online video platform. To identify news con-
tent on the broader web, we merged the lists of news domains used in five previous stud-
ies (Bakshy et al., 2015; Budak et al., 2016; Grinberg et al., 2019; Peterson et al., 2019;
Yang et al., 2020). This resulted in a list of N=813 unique domains, of which we could
match N=795 in the Nielsen URL data. The full list of these domains can be found in the
Supplemental Appendix (Table A7). The Supplemental Appendix also contains a version
of Figure 1 based on the full TV and web panels (i.e. not just the overlapping set), as well
as additional analyses using an alternative way of operationalizing news content on
YouTube where we only looked at videos from news channels mapped from the list of
news websites (Figure A3).

Measures of news consumption

Our analyses rely on measuring exposure and co-exposure to these news sources, within
and across the three platforms. The basic unit of analysis in our data is a session, which
refers to the period a panelist spent with a TV program or a webpage. It is important to
note here that this observational measure assumes that time spent is proportional to
engagement, that is, the more time spent on a news domain, the more engaged the pan-
elist is with the news. We cannot discriminate between different levels of actual cogni-
tive involvement with the information consumed, so it is entirely possible that two
panelists spending the same amount of time on, say, a web page left with very different
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levels of processed information. This is a measurement limitation that affects all large-
scale observational studies of news exposure.

By applying the rules discussed above, we characterized news sessions for each plat-
form and panelist. We use three variables to measure news consumption: (1) a binary
vector that records whether panelists consumed news in each platform (TV, web, and
YouTube), and in all three (cross-platform exposure); (2) the count of channels/websites
visited in each platform; and (3) the time spent consuming those news, measured in min-
utes and aggregated at the individual level for all news sessions. We report our measure
of exposure in minutes to make it more intuitive (even if we have second-to-second
granularity for online activity). Note that commercial breaks are included in the meas-
ures of time spent viewing TV, that is, commercial time counts toward exposure to the
program during which those commercials happened. The data do not include information
on those commercials or their duration.

Statistical models

Our data are nested: news sessions are nested within individual panelists, who are nested
within temporal aggregations (in our case, months; see Figure A9 in the Supplemental
Appendix for more details on the longevity curves of the panelists). Because of this data
structure, we use linear mixed-effects models predicting monthly news consumption of
individuals using panelist ID and month as random effects. One advantage of using this
modeling approach is that it allows us to control for temporal variability and other con-
founders at the individual level not captured by the demographics we can measure. In
line with the discussion above on the demographic correlates of news exposure, we add
several variables to capture the gender, age, education, and socio-economic status of the
panelists.

In Figure A7 in the Supplemental Appendix, we compared the panelists’ demograph-
ics with survey and census data. Overall, the distribution of basic demographics in the
Nielsen data is, as expected, aligned with what we should expect in a representative
sample.

Results

Figure 2 summarizes the descriptive trends that allow us to address our first research
question: How many people consume news within media platforms? The data displayed
in the upper panels (A—C) show that most panelists (about 80%) are exposed to at least
one news channel (i.e. a channel where they see at least one news program) on TV, but
less than half access at least one news web domain; a substantially smaller fraction
accesses news channels on YouTube: news constitutes about 5% of the overall visits to
YouTube videos viewed by the overlapping panelists (see Figure 1(b); this ratio is
approximately 3% for the full web panel, see Supplemental Appendix). These numbers
are consistent with what has been reported in past work. Allen et al. (2020), for instance,
report that the fraction of news videos in their study includes 1.67% mainstream news
and 1.02% low-quality, hyperpartisan, and fake news, totaling 2.69% (p. 19). Similarly,
Wojcieszak et al. (2024) find that political visits on YouTube (defined broadly, including
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Figure 2. Exposure and co-exposure to news sources over time.
Vertical lines flag 5 months of missing data. In panels A—C, we use different y-axis scales to improve the
legibility of the visualization (but note the different ranges).

most news content) account for 4.4% of all visits in the United States (p. 29; see
Supplemental Appendix). Most people interested in following the news are clearly get-
ting them from TV channels, but even within this mode of access there is much variation
in the intensity of that consumption: only about 20% of panelists access different chan-
nels (five or more) to follow the news (i.e. they see at least one news program across five
or more different channels). In other words, there is much variance in the upper tail of the
distribution.

If we look at the monthly distributions of time spent on news content (lower panels,
D-F), we get a clearer picture of how much variance there is in the intensity of news
consumption at the individual level (Figure A6 in the Supplemental Appendix shows the
density curves aggregating news exposure for the full period). When compared across
platforms, this measure of news time signals that the skewness of the distribution
becomes more prominent as we move from TV to the web and to YouTube. Online
engagement with news clearly sets a subset of panelists apart from the median panelist,
especially for YouTube: in panel F, most panelists spend no time or very little time on
news content on the video platform.

These descriptive trends confirm that people interested in the news can still vary dras-
tically in their consumption habits and the intensity of that consumption (as measured
through time of exposure). These trends also contextualize recent data on news fatigue:
there seems to be a downward trend in the higher category of number of channels and
websites accessed to consume news (5+) but not a very noticeable change in the other
categories. The exception is YouTube, where news consumption is clearly on the rise—
even if it is still miniscule by comparison to the other two sources (TV and web).
However, Figure 2 does not allow us to see how much cross-platform exposure there is
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Figure 3. Correlates of news exposure and cross-platform behavior.

Panels A-B show the results of linear mixed-effects models with two dependent variables: a binary vector
measuring whether panelists consumed news in each platform, and a numeric vector counting the number
of news sources consumed, again in each platform. Panel C count how many panelists count as cross-plat-
form consumers (i.e. less than 10%). Panel D summarizes the demographic profile of this small group.

or identify the characteristics of those seeking news across platforms. This is what we
consider next.

Figure 3 allows us to address the question of demographic characteristics. The upper
panels (A-B) show the results of the linear mixed-effects models with two dependent
variables: the binary vector recording whether panelists consumed news in each platform
(panel A) and the numeric vector counting the number of news sources consumed in each
(panel B). The results are consistent regardless of the variable used: age is positively
associated with news exposure, and so is education, especially for online behavior.
Women are slightly more likely to consume news on TV than men, but their online con-
sumption is clearly lower. Two other trends emerge from these regressions: there is a
clear negative association between income and YouTube news exposure (the association
is positive for TV), and education correlates positively with web and YouTube news
exposure, although this association does not consistently hold for TV. (Full regression
tables are included in the Supplemental Appendix.)

Figure 3(c) allows us to size up the group of panelists who consume news on all three
platforms (cross-platform consumers): out of the N ~ 55,000 panelists in our data, only
N ~ 5300 (about 10%) engage in cross-platform consumption. Figure 3(d) summarizes
the demographic profile of this category of cross-platform news consumers: they are
older and better educated, and they are predominantly male. These results fall in line
with research identifying significant correlates of deep political involvement (Krupnikov
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Figure 4. Amplification effect of news time spent cross-platform.

The plots show the results of linear mixed-effects models with time spent on news (in minutes, log-trans-
formed) as the dependent variable. The coefficients show that all significant associations are positive: time
spent consuming news on one platform is positively and significantly associated with the time spent con-
suming news on the other platforms (except for time spent on TV news, which does not have a significant
impact on time spent on YouTube news).

and Ryan, 2022, p. 88). Cross-platform consumers, in other words, are a very unrepre-
sentative sector of the population.

In Figure 4, we show the results of additional analyses designed to assess whether
there are amplification effects. The dependent variable in these models is time spent on
each platform (in minutes, log-transformed). The demographic covariates are the same
as those shown in Figure 3, but now we add three more variables to assess the pairwise
correlations in time spent across platforms (highlighted in the grayed area). The coeffi-
cients show that all significant associations are positive: time spent consuming news on
one platform is positively and significantly associated with the time spent consuming
news on the other platforms. The only coefficient that is not statistically significant is
time spent on TV news as it relates to YouTube news time (see the Supplemental
Appendix for full regression table). These results suggest that there are no substitution
effects; rather, online media is amplifying the already high levels of interest of cross-
platform consumers, setting them farther apart from the average citizen.

Discussion

How does a multi-platform media environment shape news consumption? We addressed
this question by analyzing a large-scale observational dataset tracking the news con-
sumption on TV, web, and YouTube for a representative sample of the US population. We
employed a two-step analytical approach to analyze the different layers of news con-
sumption (within and across platforms) and how audiences distribute in the information
environment (offering within- and between-subject estimates that allow us to compare
different demographic groups but also individual-level variation in time). Overall, these
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findings reflect the impact that social contexts and individual characteristics have on
information behaviors and news gaps.

Differences between platforms

Our analyses suggest that the demographic correlates of news exposure within the three
individual platforms differ substantially. TV still has the largest news reach (~80%) and
is the medium where people spend more time; by comparison, YouTube exposed only a
tiny fraction of panelists (~5%) to news content for much shorter time spans. News expo-
sure on the web stands in between these two extremes. These findings suggest that the
amount of scholarly interest on online news exposure is disproportionate to the relative
impact these sources have compared to TV: this platform is far from being displaced and
should regain its prominence in ongoing research on news consumption to avoid distort-
ing our understanding of the phenomenon. Our analyses document a visible increase in
the volume of YouTube news consumers, but this increase does not necessarily indicate
a substantive expansion in overall levels of news consumption.

Our analyses also identified differences in the demographic profiles of the news con-
sumers in each platform. Some demographic gaps (e.g. those created by age) were con-
sistent across platforms, with younger people systematically showing less interest in
news content. However, other demographic gaps shrink or even reverse depending on the
platform under analysis. For example, women are more likely to watch TV news than
men, but they are less likely to consume news online. Taken together, these results sug-
gest that inequalities in news consumption are always contingent on specific platform
environments, in line with theoretical arguments that highlight the importance of selec-
tive exposure but also the influence of technological affordances.

Amplification effect of cross-platform news consumption

There is an apparent contradiction between the higher number of platforms available to
consume news and the lower levels of actual consumption (which, in many cases, simply
means opting out of news altogether). Our analyses suggest that, in fact, the higher num-
ber of platforms leads to more consumption but only for the unrepresentative minority of
news consumers, who generate most engagement with online news. This finding is con-
sistent with more general patterns of deep political involvement (Krupnikov and Ryan,
2022); with other behavioral studies of news exposure (e.g. Guess, 2021; Wojcieszak
et al., 2024); and with findings showing that most political behavior is produced by a
minority of highly committed individuals (e.g. Barbera et al., 2015; Grinberg et al., 2019;
Nyhan et al., 2023). Our analyses do not provide evidence that the small fraction of indi-
viduals consuming most news is also more involved in other political activities. But we
do provide evidence that their news-seeking behavior is reinforced by online platforms,
in line with theoretical arguments that highlight the importance of automated forms of
curation.

At a time when most people avoid news, this committed minority stands to have a
disproportionate influence on how news is disseminated. They shape the distribution of
political attention because they have a greater weight in how engagement is measured



Yang and Gonzdlez-Bailon 15

online. Measures of engagement feed back into editorial and automated forms of cura-
tion that determine what appears on the front page of news domains, floats to the top of
users’ newsfeeds, or gets picked up for journalistic coverage (Christin, 2018, 2020;
Smith, 2023). This reinforcing dynamic often results in the amplification of (and
increased exposure to) certain types of content (Huszar et al., 2022). Algorithms learn
from behavioral traces, and metrics can only capture what audiences reveal through rat-
ings, traffic, and clicks. If only a small number of individuals engage with the news, it is
their revealed preferences that are picked up by curation systems. When their behavior is
assumed to represent the public at large (by algorithms but also by editors or journalists),
the choices and interests of a selected few gain a disproportionate weight.

Limitations and future research

One limitation of our analyses is that they do not consider the partisanship of news audi-
ences, nor whether there are any asymmetries in the ideological distribution of people
engaging in intense news consumption. Recent research suggests that this asymmetry
exists in other areas of political behavior (e.g. Freelon et al., 2020; Gonzalez-Bailon
et al., 2022), and also that platforms can amplify one side of the ideological divide more
than the other (e.g. Chen et al., 2021; Gonzalez-Bailon et al., 2023; Huszar et al., 2022).
Future research should pay more attention to the ideological composition of cross-plat-
form news consumers and, especially, how extreme their ideologies are; this is an espe-
cially relevant attribute to connect research on news habits with current theories of
polarization.

Likewise, more research is necessary to understand the sociological factors underpin-
ning the demographic divides we identify, especially the gender gap, an endeavor for
which qualitative insights are of particular value (i.e. Toff and Palmer, 2019). Women are
clearly less likely to use online sources to consume news, even after controlling for edu-
cation, income, age, and other demographic correlates identified in past work as impor-
tant predictors of news gaps. The fact that these divides remain visible more than 30
years after their documentation (e.g. Verba et al., 1997), and that they remain so in a
high-choice media environment, is suggestive of the constraints that many individuals
still face to meet the demands of the democratic ideal.

Future research should also consider a broader definition of “news” that includes both
soft news content, often referred to as “infotainment.” Here we focus on hard news and,
as a result, exclude from our measurements exposure to hybrid media content, which
may also have downstream consequences in terms of influencing attitudes or behaviors.
The proliferation of such content could attract individuals with lower levels of political
interest and increase over time their interest in hard news. Again, exposure to hybrid
media content may or may not be equally distributed across the population. These are all
questions that require further empirical investigation.

Another important limitation of our analyses is that web browsing (including YouTube
activity) relies on desktop-only traffic, which prior research has shown underestimates
exposure to news (e.g. Yang et al., 2020). However, empirical data always impose trade-
offs. Here we win coverage in terms of modes of exposure (being able to track news con-
sumption on TV, the web, and YouTube) but lose coverage in terms of mode of access
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(excluding mobile and app data from our online estimates). One unique strength of our
data, which makes our work distinctive compared to the bulk of past research in this
domain, is that they allow us to trace the behavior for the same set of individuals across
media platforms (including TV, which is most often absent from observational studies). We
believe these data strengths allow us to make a unique contribution to research on multi-
platform news consumption. Our results highlight the theoretical relevance of the small
group of cross-platform consumers, whose unrepresentative behavior has a disproportion-
ate influence in how audience measures are interpreted. However, one priority for future
research is to test if the patterns we identify hold once mobile access is considered.

Finally, our study focuses on data collected in the United States, a social and political
context with specific peculiarities (e.g. high polarization, stark divides between hyper-
engaged and disengaged citizens, Krupnikov and Ryan, 2022), and a very characteristic
media environment (e.g. high news platformization, Nielsen and Ganter, 2022, and high
Internet penetration rates, Newman et al., 2024). Our findings may not be generalizable
to other social, political, and media contexts. Future research should replicate our analy-
ses in other countries to test if our main conclusions hold.

Conclusion

Digital technologies have allowed audiences to be more itinerant and elusive by multi-
plying their media choices. Understanding how people make those choices is central to
our assessment of democratic governance and its reliance on an informed citizenry.
However, the complexity of the current media environment needs to be matched by the
complexity of the data we use to analyze it. Theoretical developments in this area of
research require data tracking the media choices of the same set of individuals across
modes of exposure; and datasets large enough to account for the fact that, as we show
here, cross-platform news consumption is a relatively rare activity within the universe of
online behaviors. Here we identified the unrepresentative minority of cross-platform
news consumers. This minority has the most influence in the online distribution of atten-
tion—and, potentially, in how news providers and platforms react to it. Future research
should investigate how the supply and circulation of news content responds to the
demand of this minority of users who engage more avidly with the news.
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